What Explains Early Withdrawals
from Retirement Accounts?
Evidence from a Panel of Taxpayers

Gene Amromin &
Paul Smith

Federal Reserve Board
of Governors
Washington, DC 20551

National Tax Journal
Vol. LVI, No. 3
September 2003

Abstract - We use data from a ten—year panel of individual tax
returns to investigate the circumstances under which households
choose to incur a 10 percent penalty in order to gain early access to
retirement accounts. We attempt to link the likelihood of early
withdrawals to shocks experienced by households at the time of
withdrawal and to the availability of non—retirement assets. Our
findings indicate that penalized withdrawals are significantly more
likely among households that experience adverse shocks, and that
the effect of shocks is amplified for households with low levels of
non-retirement financial wealth. In particular, we find that job
loss, income shocks, divorce, and home purchases increase the like-
lihood of early ESP withdrawals by an average of 3 to 10 points
each, with significantly stronger increases among the poorest
households. We conclude that a significant portion of early with-
drawals from retirement accounts reflects consumption—smooth-
ing behavior by liquidity—constrained households who experience
financial shocks, rather than squandering of pension assets.

INTRODUCTION

O ver the past 20 years, tax—deferred accounts (TDAs) such
as Individual Retirement Accounts (IRAs) and em-
ployer—sponsored plans (ESPs) have become a key compo-
nent of individual retirement planning.! Although such ac-
counts can take on many guises, they generally share two
features—tax—exempt account earnings and withdrawal re-
strictions before retirement.? Early withdrawals are generally
subject to a 10 percent penalty, and, in the case of 401(k) plans,
are prohibited outright except in cases of economic hardship
or separation from the employer. A recent Administration pro-
posal for establishing a new type of TDA with no early with-
drawal penalties has brought into sharp relief the role of such

! For example, from 1983 to 2001, the share of households with either an IRA
or an ESP increased from 37 to 59 percent (Survey of Consumer Finances),
while total IRA and ESP assets increased from $655 billion in 1985 to $4.4
trillion in 2002 (Flow of Funds).

2 JRAs include traditional, Roth and nondeductible IRAs, while ESPs include
profit-sharing plans, thrift plans, money—purchase plans, 401(k)s, and 403(b)s.
Similar accounts for the self-employed include Keoghs and SEP-IRAs.
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penalties in shaping household behavior.
Would households with free access to
their TDA assets continually run them
down, or would the increased liquidity
encourage new savings by households
with precautionary motives? One way to
shed some light on this question is to ex-
amine what leads to pre-retirement with-
drawals under the current system.

A number of recent studies have found
that when ESP assets become available
upon leaving a job, many individuals cash
out the accounts and spend the assets,
rather than rolling them over to another
TDA 2 This result is particularly prevalent
among households with low levels of ESP
assets. Engelhardt (2002) and Poterba,
Venti, and Wise (1995, 1999) find that the
aggregate size of these cash—outs are small,
i.e., a majority of assets in dollar terms are
preserved in TDA form. Nevertheless,
there is a certain sense of alarm that pre-
cisely those households that are worst pre-
pared for retirement end up raiding their
pension savings when given a chance.

We offer a somewhat different perspec-
tive on the failure of households to pre-
serve TDA assets by investigating the eco-
nomic circumstances under which such
pre-retirement withdrawals are made.
Due to a number of data limitations, pre-
vious empirical studies considered the
TDA rollover decision in isolation, with-
out taking into account the existence and
severity of shocks to income or consump-
tion needs. For example, many ESP dis-
tributions are associated with job separa-
tions, not all of which are voluntary. Thus,
much of the previous work has focused
on individuals who were disproportion-
ately likely to suffer from adverse income
shocks, and thus more likely to need the
assets to smooth current consumption.

By contrast, our unique panel data set
of 1987-1996 individual tax returns allows
us to control for a variety of changes in
household finances, including income

shocks, job loss, divorces, changes in the
number of earners or dependents, home
purchases, and high medical expenses. Our
goal is to gauge the importance of such
shocks in determining early withdrawals
from TDAs. In addition to ESP withdraw-
als, we also study early withdrawals from
IRAs, which feature fewer access restric-
tions than employer-sponsored accounts.

Our findings indicate that penalized
withdrawals are significantly more likely
among households with low levels of
non-retirement financial wealth, job loss,
income shocks, divorce, and home pur-
chases increase the likelihood of early
withdrawals by 3 to 10 percentage points
each. In addition, households with low
non-retirement financial wealth are sig-
nificantly more likely than other house-
holds to access their retirement accounts
in response to such shocks. We conclude
that a significant portion of early with-
drawals from retirement accounts reflects
consumption—-smoothing behavior by li-
quidity—constrained households who ex-
perience financial shocks, rather than
squandering of pension assets simply be-
cause they have become available.

The rest of the paper is organized as fol-
lows. The second section discusses the
tension between current consumption and
retirement saving in the context of lifetime
utility maximization. The third section
summarizes the restrictions on IRA and
ESP withdrawals, while the fourth section
describes the data set. The fifth section
contains the discussion of empirical re-
sults, and the sixth section summarizes
our findings and offers directions for fu-
ture research.

CONSUMPTION SMOOTHING AND
RETIREMENT SAVINGS

The central feature of a standard multi-
period model of consumption under un-
certainty is that households seek to

3 See Burman, Coe, and Gale (1999), Engelhardt (2002), Moore and Muller (2002), and Sabelhaus and Weiner (1999).
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smooth marginal utility of consumption
over time and over different states of the
world. As a result, households forgo cur-
rent consumption in order to accumulate
retirement savings. During their work-
ing years, households face uncertain la-
bor earnings that can dramatically affect
the amount of current income available to
finance consumption. Thus, in order to
smooth consumption across different
states of the world, households build up
stocks of precautionary assets. If borrow-
ing is constrained or excessively costly,
negative income or demographic shocks
may compel households to dissave from
accumulated precautionary or retirement
assets. A similar result may occur if a
household faces an increase in current
consumption needs, such as an additional
dependent.

Households that dissave in order to fi-
nance current consumption would be ex-
pected to dissave out of non-TDA assets
before TDA assets. TDA assets are more
costly because they grow at a pre—tax rate
of return, while non-TDA assets grow at
an after—tax rate. In addition, since many
TDA contributions are made with pre—tax
dollars, income taxes are due upon with-
drawal of the assets. Finally, early access
to TDA assets generally comes with an
additional 10 percent penalty. Thus, pre-
retirement TDA withdrawals can resultin
significant taxes and penalties, as well as
the loss of future tax benefits on account
earnings. Nonetheless, if few other assets
are available for consumption smoothing,
households may well use costly retire-
ment savings for this purpose. While such
choices may be unfortunate from the
standpoint of retirement security, they
would not necessarily be inconsistent with
utility maximization over the lifetime.

In this context, the decision to cash out
ESP distributions (or to withdraw IRA as-
sets) becomes a function of the strength of
a household’s consumption-smoothing

motives, its income, and the size and com-
position of its savings. This modeling
framework links the likelihood of TDA
dissaving to the occurrence of adverse in-
come shocks and the level of non-retire-
ment assets. Income and demographic
shocks trigger the need for consumption
smoothing, while the level of non-TDA
assets determines the household’s ability
to avoid drawing on its retirement savings.

Previous studies of TDA cash—outs have
been based (usually implicitly) on com-
parisons between current and expected
future tax rates.* If the expected marginal
tax rate at retirement exceeds the sum of
current marginal tax rate and the 10 per-
cent penalty, then it is optimal not to roll
over the lump-sum distribution. This de-
cision framework makes rollovers much
more attractive to households that are at
or near the top of the schedule of statutory
marginal tax rates, because such house-
holds have little reason to believe that their
future tax burdens will exceed their present
marginal tax rates by more than the pen-
alty wedge. Empirically, households with
high MTRs are also likely to have high TDA
balances. Thus, this decision framework
fits well the robust empirical finding that
the likelihood of rollover is increasing in
the size of the TDA.

However, the tax-rate comparison
model ignores other factors that affect the
decision to cash out a TDA. In an
intertemporal consumption model, the
decision to withdraw TDA assets before
retirement would be positively related to
the strength of consumption—-smoothing
motives on part of households, which (for
a given level of risk aversion) depends on
the severity of current income or demo-
graphic shock. By extension, the with-
drawal likelihood is a negative function
of household current and expected in-
come and liquid financial wealth. This set
of testable restrictions guides our empiri-
cal analysis.

* See Burman, Coe, and Gale (1999) for an explicit specification.
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RESTRICTIONS ON ACCESS TO
TDAASSETS

All TDAs currently feature some restric-
tions on access to the funds before retire-
ment age.’ IRAs permit withdrawals at
any age, but taxpayers must pay a 10 per-
cent penalty tax on withdrawals taken
before age 59'/. The penalty does not ap-
ply in certain cases, including death or
disability, or withdrawals made in sub-
stantially equal periodic payments over
the life of the participant or beneficiary.
ESPs (including 401 (k) plans) are also sub-
ject to the 10 percent penalty, but offer a
longer list of exceptions, including (in
addition to those listed above) withdraw-
als after reaching age 55 if the participant
has separated from the employer, distri-
butions to a spouse under a divorce—court
order, deductible medical expenses, and
certain ESOP distributions.®

Special restrictions apply to 401(k)
plans, which prohibit pre-retirement
access outright, except in the cases of
death or disability, separation from the
employer, termination of the plan, or
employee hardship. Hardship withdraw-
als are limited to amounts necessary to
satisfy an immediate and heavy financial
need, including medical expenses, home
purchase, post-secondary tuition, and
expenditures required to prevent eviction
or foreclosure. Hardship withdrawals
are taxable and subject to the 10 percent
penalty (unless an exception applies),
and also trigger additional “implicit

penalties”: the suspension of new contri-
butions (by either the employee or the em-
ployer) for at least 12 months, and a re-
duced contribution limit in the following
year.”

Many ESPs (including 401(k) plans) of-
fer loans against the account balance. Par-
ticipants do not need to prove hardship
to take a loan. A loan is generally not
treated as a distribution (and thus not sub-
ject to taxes and penalties) as long as it is
required to be repaid within five years (or
is used for a home purchase) and is less
than the smaller of $50,000 or 50 percent
of the account balance. Loans are not per-
mitted from IRAs.

DATA

Clearly, not all of the nuances available
in the withdrawal rules described above
are observable in the tax data. We use a
large panel of tax returns covering the
years 1987 to 1996.% The panel is based on
a representative cross-section of about
88,000 returns in 1987. The panel was con-
structed by searching the population of
post—1987 tax returns for the Social Secu-
rity numbers of all taxpayers, spouses, and
dependents that appeared in the 1987
cross—section sample. This method allows
individuals to be tracked over time regard-
less of income changes, marriage, divorce,
or establishment of a new tax unit by a
former dependent. The sample includes
rich detail on income, including informa-
tion matched in from individual-level W2s

N

~

»

The Treasury Department’s proposal for Lifetime Savings Accounts, included in the President’s FY2004 bud-
get request, would create a new set of tax—deferred savings accounts from which withdrawals could be taken
at any time without penalty.

This discussion summarizes the rules in place over the time period covering our data (1987 to 1996). Later
legislation expanded the list of IRA exceptions to include deductible medical expenses, health-insurance
premiums for the unemployed, qualified higher education expenses, and first-time homebuyer expenses up
to $10,000.

Hardship rules have been modified slightly since 1996. A prohibition against rolling over hardship distribu-
tions was added in 1998, and the 12-month suspension of contributions was reduced to six months beginning
in 2002.

The panel was developed as a joint effort between the Treasury Department’s Office of Tax Analysis
and the IRS’s Statistics of Income division. The panel uses confidential records and is not publicly
available.
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and Social Security records (such as date
of birth, date of death, and sex).’?

We select a sample of returns in which
the primary taxpayer is between the ages
of 21 and 59, further restrict the sample to
households for which we have complete
10-year histories.!’ Divorces are identified
using year—to—year changes in the re-
ported marital status and the SSNs of the
primary and secondary filers." Our final
sample contains 52,824 households, re-
sulting in 528,240 returns.

Variable Construction

Our data suffer from a number of limi-
tations which complicate the identifica-
tion of retirement-account flows. While
the IRA variables are available in a
“ready—-to—use” form, constructing ESP
variables requires more effort. First, tax
returns do not explicitly distinguish be-
tween traditional defined—benefit pension
income and withdrawals from an em-
ployer—-sponsored account plan. Second,
the data do not explicitly identify the
source of a retirement-account penalty
(e.g., early IRA withdrawal, early ESP
withdrawal, or excess contribution to, or
withdrawal from, one of these accounts).
Third, we cannot distinguish between an
in-service distribution (e.g., a hardship
withdrawal, or a loan in excess of the lim-

its) and a lump-sum distribution (with-
drawal of the entire balance when retir-
ing or separating from the employer).??
Finally, we cannot explicitly identify how
much of a distribution has been rolled
over to another TDA.

Despite these limitations, the situation
is not hopeless. We observe taxable and
nontaxable pension income, taxable and
nontaxable IRA income, and the amount
of penalty taxes paid on retirement-ac-
count transactions. We use this informa-
tion, in combination with age and other
data, to construct the variables of interest.

Our first goal is to identify recipients of
pre-retirement distributions from an ESP.
We define this group by including returns
of taxpayers under age 55 that indicate
taxable or nontaxable pension income.”
Next we locate the source of a penalty by
comparing the penalty amount to taxable
IRA and/or pension distributions (e.g., a
return containing a $100 penalty and a
$1,000 taxable pension distribution would
indicate a penalized withdrawal of $1,000
from an ESP).™*

Since previous literature focused on the
question of how much of a lump-sum dis-
tribution (LSD) was rolled over vs. cashed
out, we would like to identify those vari-
ables as well. We have little to go on in dis-
tinguishing LSDs from hardship with-
drawals and loans in excess of the limits."

©
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While our sample is not subject to sample attrition bias, there is attrition from the population of tax filers that
occurs when a filer’s income drops below the filing threshold ($6,550 to $13,400 in 1996, depending on age
and filing status). This source of attrition is non-random—older and lower—income workers are more likely
to drop out of the filing population than middle-aged, higher-income workers.

While this biases the sample towards middle-aged and slightly higher—income returns, it is necessary for
identifying the year of divorce and to compute changes in household financial and demographic circum-
stances.

We delete married—filing-separate returns and single returns of individuals who already appear as a spouse
on another joint return. To construct complete 10-year histories for each spouse of a divorcing couple, we
duplicate pre—divorce records and append them to post—divorce records of the second spouse.

Loans that are below the limits do not trigger taxes or penalties, and thus do not appear in our data at all.
This age restriction filters out most recipients of traditional DB income; however, it would still include DB
participants who received a lump sum payment upon retiring early or leaving the employer.

If the return shows taxable distributions from both an IRA and an ESP, we compare the penalty to a tenth of
each distribution in order to determine the source of the penalty.

In one empirical specification we exclude returns indicating home purchases or medical deductions, since
these two events account for the majority of hardship withdrawals. The exclusion makes little difference on
the results.
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We identify rollovers by selecting returns
with nontaxable pension income but no
taxable pension income.!* We impute the
LSD amount as the sum of tax—exempt
distributions and penalized withdrawals.
This approach allows us to avoid count-
ing any non-penalized (but not tax—ex-
empt) distributions, such as regular pen-
sion income, in LSD.

The panel nature of the data is exploited
in constructing measures of changes in
households’ financial situation, including
divorces, job loss, income changes, new
dependents, home purchases, reduction in
number of earners, presence of high medi-
cal expenses, and the presence of college—
age dependents. Job loss is defined as
presence of unemployment compensa-
tion. Real income changes are calculated
relative to the previous one-year and
three—year averages. Home purchases are
identified as the appearance of a home-
mortgage interest deduction when none
was claimed the prior year.

Permanent income is defined as the ten—
year average of real income.” We impute
financial assets by grossing up capital in-
come using average dividend payout rates
and interest rates from the Economic Report
of the President.' Finally, we match in zip—
code level measures for educational attain-
ment and housing values from Census data.

EMPIRICAL ANALYSIS

Household financial decision-making
involves many distinct facets, such as the
decision to save labor earnings, the choice
of account type and asset allocation, etc.
Since the primary focus of our paper is
pre-retirement dissaving out of to exist-
ing pension assets, we ignore the other
aspects of savings and concentrate on
households that have already made the
decision to own tax—deferred pension ac-
counts. Consequently, our empirical
analysis is based on two subsamples in-
dicating IRA and ESP ownership, respec-
tively. We impute IRA (ESP) ownership
to households that make any contribution
to or receive any distribution from an IRA
(ESP) over the ten-year sample period.
Households who roll over ESP assets are
assumed to own an IRA."” However, in
order to focus on ESP owners with pre-
retirement access to their accounts, we
restrict the ESP subsample to households
that receive an ESP distribution (whether
rolled over or cashed out). Moreover,
since our interest lies in pre-retirement
withdrawals, we restrict both the sample
of IRA owners and the sample of ESP dis-
tribution recipients to households where
the primary taxpayer is at most 59 years
old.
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A return showing both taxable and nontaxable pension income could indicate either a partial rollover or a
withdrawal from an after—tax ESP (for which only account earnings are taxed). We test the likelihood of the
distribution being entirely from an after—tax ESP by calculating the share of pension income that is taxable.
With a few assumptions, we figure the maximum share of an after—tax ESP that could represent earnings (e.g.,
an account growing at 10 percent per year would generate 26 percent of its balance from earnings after 5
years, and 92 percent after 40 years). If the observed taxable share is larger than the relevant cut—off (using
taxpayer age minus 25 to proxy account age), we deem the nontaxable income to represent a partial rollover
rather than an after—tax ESP.

We use a broad income measure: starting with “total income” from the tax return, we add foreign income, tax—
exempt interest, and deferred compensation and subtract self-employed deductions for one-half of SECA
taxes and health insurance (the subtraction makes self-employed and wage workers comparable). Finally, we
subtract taxable pension and IRA distributions, since these are essentially endogenous to the behavior we are
investigating.

We concentrate on financial assets that generate non-discretionary returns (i.e., exclude capital gains). While
not ideal, this approach is sufficient for assigning an ordinal ranking to household financial wealth.

This procedure likely overstates IRA ownership because some households that roll over their distributions
into an ESP account with a new employer. We also exclude households that have made contributions only to
Keogh plans, since withdrawals from such plans are recorded as “pensions and annuities” on Form 1040 and
thus would not be identifiable as IRA withdrawals. We thank Paul Burnham for drawing our attention to this
point.
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Descriptive Statistics and Univariate
Analysis

Table 1 presents summary statistics on
the frequency and amounts of distribu-
tions from IRA and ESP accounts. Because
we rely on the presence of contributions
or rollovers to impute IRA ownership, we
undercount the number of IRA house-
holds in the early years of the panel. That
is, households that made contributions
prior to 1987 and do not make any addi-
tional contributions or rollovers, do not
generate any tax return activity that
would allow designation of IRA owner-
ship. However, we observe IRA withdraw-
als directly, i.e., the measure of withdraw-
als does not depend on our imputation
of IRA ownership.We observe a very
strong positive time trend in both the to-
tal and average amounts of IRA with-
drawals in our weighted sample. In real
terms, the amount withdrawn has in-
creased from $3.7 billion in 1988 to nearly
$9 billion in 1996. Some of this increase
may be attributed to the growing size of
IRA accounts, fueled both by asset returns
and ESP rollovers.”

The bottom panel of Table 1 contains a
summary of the data on ESP ownership
and distribution. Our classification of ESP
owners depends on observing taxable
events and so is subject to the same
undercounting as IRA ownership. We note
that the number of ESP distributions rises
substantially towards the end of the
sample, owing to higher participation
rates in employer-sponsored plans and
attendant distributions upon job separa-
tions. Itis also interesting that the percent-
age of ESP distributions that are associ-
ated with penalties has declined to 41 per-
cent in 1996, after reaching its peak of 54
percent in 1991.

Table 2 takes the first step towards in-
vestigating the relationship between ex-
istence of various shocks and household

decision to withdraw pension assets pre-
maturely. For each shock that we iden-
tify, the table summarizes proportions of
penalized withdrawals among house-
holds that experienced the shock and
those that did not. Each of these condi-
tional means is weighted using the tax
panel sampling weights. A pairwise com-
parison of conditional means indicates
that most shocks substantially increase
the likelihood of an early withdrawal
from an IRA. For example, an increase in
the number of dependents raises the
probability of an IRA withdrawal to 5.7
percent from 4.4 percent; an involuntary
job loss produces an increase from 4.2
percent to 6.8 percent, and a 20 percent
decline in wages results in 7.1 percent of
households taking money from their
IRAs. All of these results represent a sub-
stantial increase from the unconditional
weighted mean of 4.2 percent and are sta-
tistically significant. Of all shocks identi-
fied in Table 2, only conditioning on the
presence of “college—age dependents”
and divorce does not result in a statisti-
cally higher proportion of early IRA with-
drawals.

The right panel of Table 2 repeats the
analysis for ESP distributions. Two things
are immediately apparent from the com-
parison of the two panels—(a) shocks pro-
duce sizable increases in the share of
households choosing early penalized
withdrawals and (b) there exists a sub-
stantial difference in propensities to with-
draw from the two retirement accounts.
The latter is partly due to differences in
the way in which samples are defined,
since the ESP sample includes only ESPs
from which some type of distribution has
been made, while the IRA sample in-
cludes all IRAs. But it may also reflect
unobserved heterogeneity in savings
tastes, and the possibility that households
regard lump-sum ESP distributions as

2 According to data from the Surveys of Consumer Finances, the average size of an IRA /Keogh account grew
by nearly 50 percent in real terms between 1989 and 1995 (from $27,000 to $40,000).
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quite distinct from their equally accessible
IRA savings.?

Some of the conditional means com-
parisons are quite different between the
two panels of Table 2. For example, IRA
withdrawals are more responsive to de-
creases in the number of earners and
negative wage shocks relative to the 3—
year household average. Some of the dif-
ferences, however, have clear-cut expla-
nations. During our sample years, the pro-
vision for penalty—free withdrawals for
high medical expenses applied to distri-
butions from some ESPs but not to IRA
assets, which explains higher incidence of
penalized IRA withdrawals and a lower
incidence of ESP penalties for this shock.

Table 3 considers the variation in house-
holds’ early withdrawal choices with re-
spect to variables that relate to household
ability to finance current consumption out
of non—pension assets. The results cor-

roborate findings in the earlier literature,
by identifying strong inverse relationships
between consumption of ESP distribu-
tions and age, financial wealth, and in-
come. We also document nearly identical
patterns for IRA withdrawals. For ex-
ample, only 1.3 percent of households that
averaged more than $300,000 in total earn-
ings over the ten—year history of the panel
took out an early withdrawal, whereas 4.5
percent of households in the lowest in-
come quartile (less than $32,350) did so.

Probit Analysis of Early Withdrawal
Decisions from ESP Distributions

Table 4 contains the estimated coeffi-
cients from several formulations of a
probit model for taking a penalized with-
drawal from an ESP distribution. The first
two panels are estimated on a subsample
of households that received a taxable pen-

TABLE 3
EARLY WITHDRAWAL PENALTIES BY AGE, PERMANENT INCOME AND FINANCIAL WEALTH

IRA ownership  Penalized Distr.

ESP Receipt of

ownership ESP Distr. Penalized Distr.

(% of group) (% owners) (% of group) (% of owners) (% recipients)

Age
20 to 35 19.0 5.1 46.3 9.0 67.6
35to 45 32.1 4.4 55.0 9.3 58.8
45 to 55 37.6 4.0 51.5 12.0 43.7

55 to 60 33.7 3.0

Permanent Income*
< $32,350 17.7 4.5 35.3 9.7 55.1
32,350 to 65,270 334 4.6 51.6 11.9 55.4
65,270 to 300,000 44.0 3.6 61.5 12.2 41.3
>300,000 51.9 1.3 46.4 15.2 18.9

Financial Wealth**
none 13.5 5.8 414 7.3 75.8
< $2,555 27.0 6.6 48.8 11.6 63.2
$2,555 to $24,160 38.2 3.2 48.6 12.7 39.9
$24,160 to $350,810 47.8 14 425 16.4 21.2
> $350,810 49.6 1.0 38.3 17.9 12.3

*Permanent income is defined as a 10-year average of total real income. Detailed definition is given in text.
**Financial wealth represents imputations of interest- and dividend-income generating assets. Imputations de-

tails are described in text.

The four positive breakpoints denote quartile thresholds for imputed financial wealth in our sample.

All dollar figures are in 1996 dollars.

21 We repeated this exercise on a subsample of ESP distribution recipients that exhibited “high” taste for savings
evidenced by either direct IRA contributions or IRA rollovers. The results (not reported) were little changed,
leading us to discount the explanation of level differences in withdrawal propensities on the basis of unob-

served taste heterogeneity.
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TABLE 4
PROBABILITY OF A PENALIZED ESP DISTRIBUTION
(1) ()
No shocks Total income shocks
Coeff. Std.Err. dF/dx Coeff. Std.Err. dF/dx
Lagged MTR ~1.37%* 0.10 -0.51 —1.42%* 0.11 -0.53
Lsum ($1,000 to $5,000) -0.04 0.02 -0.01 —-0.05* 0.02 -0.02
Lsum ($5,000 to $10,000) —-0.10** 0.03 -0.04 -0.10** 0.03 —0.04
Lsum (more than $10,000) —0.46™* 0.02 -0.17 —0.49** 0.02 -0.18
Age 35-45 -0.11** 0.03 -0.04 —0.12** 0.03 -0.04
Age 45-55 —-0.30** 0.03 -0.11 —0.33** 0.03 -0.12
Age 55-60 —-0.81** 0.03 -0.25 -0.82** 0.03 -0.26
Perm Income 2 0.12** 0.03 0.05 0.13** 0.03 0.05
Perm Income 3 0.15** 0.03 0.06 0.17** 0.03 0.07
Perm Income 4 0.10* 0.04 0.04 0.14** 0.04 0.05
Financial wealth Q2 -0.28** 0.03 -0.10 —0.28** 0.03 -0.10
Financial wealth Q3 —0.74** 0.03 -0.25 —0.75** 0.03 -0.25
Financial wealth Q4 -1.06™* 0.04 -0.33 -1.07** 0.04 -0.33
Financial wealth Q5 -1.18** 0.04 -0.36 -1.20** 0.04 -0.36
Fewer earners 0.04 0.03 0.02
Involuntary job loss 0.10* 0.03 0.04
Bad income shock 0.14** 0.02 0.05
Good income shock -0.03 0.02 —-0.01
More dependents 0.03 0.04 0.01
Divorce 0.21** 0.07 0.08
Home purchase 0.24** 0.04 0.09
College age dependents 0.13* 0.02 0.05
High medical expenses -0.08* 0.04 -0.03
% College + in ZIP -0.16 0.14 -0.06 -0.13 0.14 -0.05
% HighScholl — in ZIP -0.12 0.12 -0.04 -0.09 0.12 -0.03
Median house value in ZIP —-0.001 0.001 0.000 —-0.001 0.001 0.000
1989 year dummy -0.07 0.04 -0.02 -0.07 0.04 -0.02
1990 year dummy 0.01 0.04 0.00 0.01 0.04 0.00
1991 year dummy 0.12* 0.04 0.04 0.12* 0.04 0.05
1992 year dummy 0.08* 0.04 0.03 0.09* 0.04 0.03
1993 year dummy -0.08* 0.04 -0.03 -0.08* 0.04 -0.03
1994 year dummy 0.06 0.04 0.02 0.07 0.04 0.02
1995 year dummy 0.03 0.04 0.01 0.05 0.04 0.02
1996 year dummy 0.11** 0.04 0.04 0.14** 0.04 0.05
Intercept 1.17%* 0.11 1.10** 0.11
Number of observations 28,856 28,563
pseudo-R? 0.175 0.182

Note: cutoff points for permanent income and financial wealth groups are defined in Table 3.

*indicates statistical significance at 5% level.
**at 1% level.

sion distribution, as discussed in the pre-
vious section. Thus, this subsample likely
includes recipients of both lump-sum and
hardship distributions. In an attempt to
establish a link with earlier studies, we
first estimate the probit model that in-
cludes only financial and demographic
characteristics of household, such as its
age group, permanent income and finan-
cial wealth quartile, and median educa-
tion and house value levels in its zip—code.
Following Burman et al., (1999) we also
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include the size of the ESP distribution,
partitioned into several discrete groups,
and the marginal tax rate (MTR).

Since our data come from tax returns,
we are able to obtain a precise measure of
the effective marginal tax rate, which is
lagged to alleviate endogeneity concerns.
The MTR serves as a central measure of
the two key costs associated with early
withdrawals—the direct cost of paying
taxes on withdrawals and the opportunity
cost of forgoing the benefit of tax—free ac-
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cumulation of assets. We also control for
broad macroeconomic shocks by includ-
ing a series of year dummies.

The results of this “no-shock” formu-
lation are listed in panel 1 of Table 4. In
line with earlier studies (e.g., Burman et
al., 1999; Engelhardt, 2002) we find that
the likelihood of consuming (in our for-
mulation, paying penalties on) an ESP dis-
tribution is decreasing with the size of a
distribution, age, and especially financial
wealth. We also find that MTR is a strong
predictor of withdrawal behavior, with
higher rates corresponding to lower prob-
ability of a penalized distribution. Look-
ing at marginal effects, increasing the
MTR from 10 percent to 28 percent results
in decreasing the likelihood of an early
ESP withdrawal by 9.2 percent, while
building up even modest liquid wealth
(i.e., moving from zero non-pension
wealth to approximately $2,500 in inter-
est and dividend-generating assets) de-
creases this likelihood by 10 percent.

The regression in panel 2 incorporates
information on various financial shocks
that were experienced by a household in
a year when it received an ESP distribu-
tion. We expect that experiencing an ad-
verse shock strengthens the consumption
smoothing demand of a household and
thus results in a higher likelihood of raid-
ing an ESP distribution. For ease of read-
ing the results, we arrange shocks by cat-
egory—income shocks (a decrease in the
number of earners, involuntary job loss,
and wage or total income shocks), demo-
graphic shocks (an increase in the num-
ber of dependents and divorce), and
lumpy consumption needs (home pur-
chase, college—age dependents, and medi-
cal expenses). In order to separate the ef-
fects of various income shocks, we define
job loss and income / wage shocks only for
households that did not have a change in
the number of earners.

Our results in panel 2 show that at least
one shock in each category has a strong
and statistically significant effect on the
likelihood of consumption out of an ESP
distribution. In particular, adverse shocks
to total income, involuntary job loss, di-
vorce, as well as house purchase and pres-
ence of college age dependents produce a
4 to 9 percent increase in the likelihood of
early ESP withdrawal. Whereas the latter
two shocks represent alternative invest-
ment decisions, as opposed to pure con-
sumption needs, they fit the predictions
of the intertemporal consumption-savings
model just as well (one would only need
to replace labor income shocks with exog-
enous consumption shocks in the model).
The estimated marginal effects of shocks
appear to be economically significant with
income shocks increasing the likelihood of
a penalized ESP distribution by 4-5 per-
centage points, and demographic/con-
sumption shocks by 5-9 percentage points.

In an unreported regression we used
wage shocks in place of total income
shocks, and did not obtain significant wage
shock effects even though the coefficients
on all other shocks remained virtually un-
changed. This finding highlights the dif-
ference between a wage shock that can be
ameliorated by transfer payments or other
income sources and a total income shock,
which represents a broad deterioration in
household ability to finance its consump-
tion.” Finally, the annual pattern of ESP
withdrawals shows a noticeable increase
in withdrawals during the 1991 recession,
though there is also an equivalent increase
at the end of the sample in 1996.

Ideally, we would want to conduct the
analysis of penalized ESP distributions on
the sample of households that have access
to their ESP assets. However, the complex-
ity of rules governing ESP access and espe-
cially the lack of necessary detail about
properties of pension distributions in tax

22 In unreported regressions, we also tested the effects of wage and total income shocks relative to their
three—year averages and found that results were essentially unchanged.
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returns data make this task nearly impos-
sible. As one extreme solution, we could
assume that all ESP assets were effectively
accessible through hardship provisions and
thus define the sample as that comprising
all ESP owners. This, however, would ig-
nore the fact that hardship provisions ap-
ply only in a very limited number of cir-
cumstances and are not available at all to
DB plan participants, whose lump-sum dis-
tributions are nevertheless captured in tax
returns. Since we believe that, as a whole,
ESP assets are not as accessible as IRA
funds, we choose a compromise solution,
which is designed to eliminate most of the
households that receive ESP distributions
as a result of a hardship withdrawal. In a
recent study by the Investment Company
Institute (2000), nearly three—quarters of
hardship withdrawals are made for the pur-
pose of paying for a home or a medical
emergency. Therefore, we eliminate house-
holds that bought a new home or had high
medical expenses and re-estimate the
model. The results show that the exclusion
of probable “hardship withdrawal” house-
holds had little effect on estimated coeffi-
cients.” This is consistent with our earlier
conjecture that the significance of effects of
various shocks on the likelihood of penal-
ized ESP distributions was not driven en-
tirely by hardship withdrawals.

Probit Analysis of Early Withdrawal
Decisions from IRAs

Table 5 repeats the estimation of models
in the previous table for early IRA with-
drawal choices in a sample of IRA owners.
The general conclusions of the effects of
shocks and wealth holdings carry over to
the IRA early withdrawal decision. Higher
financial wealth and (to a lesser extent)
higher permanent income reduce the like-
lihood of an early withdrawal, as does each

of our measures of income shocks and
lumpy expenditure needs. Income shocks
as well as a decrease in the number of earn-
ers and involuntary job loss matter for the
withdrawal decision.?* As expected, we find
asignificant increase in penalized IRA with-
drawals due to medical expenses, whereas
we obtained (marginally significant) nega-
tive point estimates in the ESP distribution
sample. Somewhat surprisingly, neither of
the demographic shocks plays a role in the
IRA withdrawal decision. The coefficient es-
timates of marginal tax rate fluctuate be-
tween -1.00 and —0.63 as the model is aug-
mented to include shocks (panels 2 and 3),
and are statistically significant in all speci-
fications. Finally, the nearly monotonically
decreasing time trend (i.e., coefficients on
the year dummies) is primarily an artifact
of the way in which IRA ownership is im-
puted, and should not be compared with
the time trend in ESP regressions.

Turning to the economic significance of
estimated coefficients, we note that the
marginal effects appear to be much
smaller than in the ESP distribution
probits. For example, in panel 3, a bad to-
tal income shock increases the likelihood
of an early IRA withdrawal by only 2.7
percentage points. These results, however,
need to be compared to the baseline pro-
portion of household IRA withdrawal
choices, which amounts to only 3.8 per-
cent in the unweighted sample of IRA
owners used in regression. In this context,
experiencing a bad income shock pro-
duces a 71 percent increase in the likeli-
hood of an early withdrawal.

Probit Analysis of Early Withdrawal
Decisions with Interacted Shock and
Wealth Regressors

The theoretical model of consumption
and savings choices indicates that

% The results are not reported for space considerations, but are available upon request.
? In an unreported regression, we find that, in contrast to the ESP findings, negative wage shocks increase the
probability of an IRA withdrawal by about 2 percentage points. The full results are available upon request.
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TABLE 5
PROBABILITY OF TAKING AN EARLY WITHDRAWAL FROM AN IRA
1 )
No shocks Income shocks
Coeff. Std.Err. dF/dx Coeff. Std.Err. dF/dx
Lagged MTR ~1.00** 0.07 ~0.07 ~0.63™ 0.09 ~0.04
Age 35-45 0.05** 0.02 0.00 0.03 0.02 0.00
Age 45-55 0.08** 0.02 0.01 0.05* 0.02 0.00
Age 55-60 0.03 0.03 0.00 0.00 0.03 0.00
Perm Income 2 0.01 0.02 0.00 0.08** 0.02 0.01
Perm Income 3 0.10" 0.02 0.01 0.15** 0.02 0.01
Perm Income 4 -0.04 0.03 0.00 0.07* 0.03 0.00
Financial wealth Q2 0.04 0.02 0.00 0.03 0.02 0.00
Financial wealth Q3 —0.27** 0.02 -0.02 —0.31** 0.02 -0.02
Financial wealth Q4 —0.51** 0.03 -0.03 —0.62** 0.03 -0.03
Financial wealth Q5 —0.65** 0.03 -0.03 —0.82** 0.03 -0.04
Fewer earners 0.24** 0.02 0.02
Involuntary job loss 0.13* 0.03 0.01
Bad income shock 0.35** 0.02 0.03
Good income shock 0.03 0.02 0.00
More dependents 0.04 0.03 0.00
Divorce -0.06 0.05 0.00
Home purchase 0.15** 0.03 0.01
College age dependents 0.08** 0.02 0.01
High medical expenses 0.02 0.02 0.00
% College + in ZIP —0.28** 0.10 -0.02 —0.30** 0.11 —0.02
% HighScholl — in ZIP —0.38"* 0.09 -0.03 —0.36™* 0.09 -0.02
Median house value in ZIP 0.01** 0.00 0.00 0.005** 0.00 0.00
1989 year dummy —0.19** 0.03 -0.01 -0.16** 0.03 -0.01
1990 year dummy -0.15** 0.03 -0.01 -0.14** 0.03 -0.01
1991 year dummy -0.18** 0.03 -0.01 —0.18** 0.03 -0.01
1992 year dummy -0.26** 0.03 -0.02 —0.25"* 0.03 -0.01
1993 year dummy —0.40** 0.03 -0.02 —0.39** 0.03 -0.02
1994 year dummy —0.38** 0.03 -0.02 —-0.35"* 0.03 -0.02
1995 year dummy —0.43** 0.03 -0.02 -0.39** 0.03 -0.02
1996 year dummy -0.39** 0.03 -0.02 -0.34** 0.03 -0.02
Intercept -0.85** 0.08 —1.09%* 0.08
Number of observations 161,179 154,949
pseudo-R? 0.056 0.071

Note: cutoff points for permanent income and financial wealth groups are defined in Table 3.

* indicates statistical significance at 5% level.
**at 1% level.

dissaving out of pension wealth is a func-
tion of the joint occurrence of adverse
shocks and inability to smooth consump-
tion out of existing non—pension assets.
Thus it makes sense to interact the two
sets of conditions that have been treated
separately in the preceding sections. In
order to ease the interpretation of results,
we aggregate individual shocks into three
groups described earlier. That is, a house-

hold is deemed to have experienced
a negative demographic shock if it
either has gone through a divorce or an
increase in the number of dependents.
Similar designations are performed
for income shocks and lumpy consump-
tion needs.” Each of these consolidated
shocks is interacted with each of the five
discrete wealth categories described in
Table 2.2

% Since lump-sum distributions from 401(k) accounts allow penalty—free withdrawals to cover high medical
expenses, we do not include medical expenses into the definition of lumpy consumption shocks for ESP. No
such exemption exists for IRAs during our sample period.

2% The first wealth category (FinWIth1, omitted in earlier regressions) represents households that have no inter-
est or dividend-generating wealth outside of their ESP (or IRA) accounts.
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The results for withdrawals out of ESP
distributions are presented in panel 1 of
Table 6. The estimated coefficients for the
MTR, size of the distribution and age are
quite similar in magnitude and signifi-
cance level to non-interacted regressions
of Table 4. The effects of permanent in-
come, especially for the highest quartile,
are much stronger. Of most interest, how-
ever, is the behavior of interacted regres-

sors. For each of the three shock catego-
ries we observe a similar pattern—ad-
verse shocks matter most for households
with lowest levels of financial wealth.
Moreover, the influence of adverse shocks
dissipates monotonically as wealth in-
creases. For example, an adverse income
shock increases the likelihood that a zero—
wealth household will consume its ESP
distribution by 24 percentage points,

TABLE 6
PROBABILITY OF AN EARLY WITHDRAWAL FROM A TAX-DEFERRED ACCOUNT

(1) )
from ESP distributions from IRA holdings
Coeff. Std.Err. dF/dx  Coeff. Std.Err. dF/dx
Lagged MTR -1.43** 0.10 -0.53 —0.85** 0.07 -0.06
Lsum ($1,000 to $5,000) -0.04 0.02 -0.02
Lsum ($5,000 to $10,000) -0.12** 0.03 -0.04
Lsum (more than $10,000) —0.53** 0.02 -0.19
Age 35-45 -0.19** 0.03 -0.07 -0.01 0.02 0.00
Age 45-55 —0.44** 0.03 -0.16 -0.03 0.02 0.00
Age 55-60 -1.01* 0.03 -0.30 -0.10** 0.03 -0.01
Perm Income 2 0.13** 0.03 0.05 0.05** 0.02 0.00
Perm Income 3 0.03 0.03 0.01 0.05* 0.02 0.00
Perm Income 4 -0.24** 0.04 -0.09 -0.24* 0.03 -0.02
Income shock * FinWlth 1 0.61** 0.05 0.24 0.50" 0.03 0.06
Income shock * FinWlth 2 0.34** 0.03 0.13 0.49** 0.02 0.05
Income shock * FinWlth 3 0.00 0.03 0.00 0.25** 0.02 0.02
Income shock * FinWlth 4 -0.09** 0.03 -0.03 0.10* 0.02 0.01
Income shock * FinWlth 5 -0.07 0.03 -0.02 0.01 0.03 0.00
Demographic shock * FinWlth 1 0.30** 0.10 0.12 0.00 0.06 0.00
Demographic shock * FinWlth 2 0.10 0.06 0.04 0.09* 0.04 0.01
Demographic shock * FinWlth 3 -0.02 0.06 -0.01 -0.04 0.05 0.00
Demographic shock * FinWlth 4 0.04 0.07 0.01 -0.04 0.05 0.00
Demographic shock * FinWlth 5 0.00 0.09 0.00 -0.06 0.07 0.00
Lump sum cons. need * FinWlth 1 0.46** 0.07 0.18 0.17** 0.04 0.01
Lump sum cons. need * FinWlth 2 0.43** 0.04 0.17 0.27** 0.02 0.02
Lump sum cons. need * FinWlth 3 0.21** 0.04 0.08 0.14** 0.02 0.01
Lump sum cons. need * FinWlth 4 0.02 0.04 0.01 -0.04 0.02 0.00
Lump sum cons. need * FinWlth 5 -0.11** 0.04 —0.04 -0.09** 0.03 -0.01
High medical expenses -0.12** 0.03 -0.04
ZIP % College or more -0.39** 0.14 -0.14 -0.42** 0.10 -0.03
ZIP % High School or less -0.21 0.12 -0.08 —0.44** 0.09 -0.03
Median house value in ZIP 0.00 0.00 0.00 0.00** 0.00 0.00
Intercept 0.75** 0.10 111" 0.07
Number of observations 28,856 161,179
pseudo-R? 0.155 0.055

Note: cutoff points for permanent income and financial wealth groups are defined in Table 3.
Note: the above regressions are estimated with year effects that are not shown.

*indicates statistical significance at 5% level.
**at 1% level.
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while the next wealth group experiences
only a 13 percentage point increase and
there is no measurable effect of a shock
for the following wealth group.

Early IRA withdrawals shown in panel
2 indicate a very similar pattern. As in
non-interacted regressions of Table 5, the
MTR, age and permanent income catego-
ries have strong effects on the likelihood
of early withdrawal. Effects of each of the
shock categories are amplified for the low-
est wealth income groups, but are indis-
tinguishable from zero for wealthiest
households. The findings are with the hy-
pothesis that retirement assets are a fi-
nancing source of last resort. The similari-
ties in the two panels of Table 6 under-
score the joint importance of shocks and
alternative wealth sources for decisions to
liquidate retirement assets in both types
of tax—deferred accounts.

As a final check on the robustness of our
results, we investigate pre-retirement IRA
withdrawals in a longitudinal context,
conditional on an individual-specific ran-
dom effect. The random effect plays an
important role by capturing unobserved
sources of heterogeneity, the most impor-
tant of which are factors that influence
tastes for saving. Models of saving are of-
ten plagued by the inability to identify the
effects of observable variables separately
from the effects of unobserved savings
preferences; a key advantage of panel data
is the ability to use econometric tech-
niques to condition on such unobserved
influences.”

We use a random—effects probit frame-
work to model explicitly the correlation
between the disturbances of multiple ob-
servations on the same taxpayers. Intro-
duced by Butler and Moffitt (1982), the
random-effects probit specification is not

as commonly used as other models, but
the approach allows consistent parameter
estimates in a probit model with unob-
served household-specific effects. As
such, it is well suited to longitudinal stud-
ies of savings behavior. It also allows the
estimation of parameters characterizing
the degree of correlation over time in tax-
payers’ participation decisions. However,
it requires an assumption of equal corre-
lation of residuals over time. In addition,
itrequires the use of numerical estimation
techniques to evaluate multiple inte-
grals.®

The results of the random effects model
of IRA withdrawals are shown in Table 7.%
The coefficient estimates are very similar
to the non-random-—effects model, though
with the slightly larger standard errors
that come from taking proper account of
the autocorrelation of within-household
residuals. The estimate of rho indicates the
degree of autocorrelation in the total er-
ror term (i.e., the relative importance of
household-specific heterogeneity in the
total prediction error). In this case, the es-
timated rho of 0.37 is relatively small, in-
dicating that unobserved household het-
erogeneity plays an important but not
overwhelming role in the decision to
make a penalized early withdrawal from
an IRA.

CONCLUSION

One of the key features of tax—deferred
retirement accounts is their limited acces-
sibility. Accessibility restrictions are meant
to discourage households from consum-
ing their pension assets prior to retire-
ment. Yet, as shown by previous research
(e.g., Burman et al., 1999) a significant
number of households fail to preserve

2

N

In cross-sectional limited—-dependent variable models such as probits or logits, unobserved tastes for saving

that are correlated with right-hand side variables can lead to inconsistent parameter estimates.

2
2

)
B

The quadrature-based Butler—Moffitt random-—effects probit model is available in Stata.
Relatively infrequent lump sum distributions remove most of the panel dimension from our sample of lump

sum recipients, so we do not estimate a random—effects model of ESP withdrawals.
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TABLE 7
RANDOM EFFECTS MODEL OF PROBABILITY OF AN EARLY WITHDRAWAL FROM AN IRA

Prob (withdrawal) Coeff. Std.Err. dF/dx t-ratio
Lagged MTR ~1.02% 0.09 -0.08 -11.81
Age 35-45 -0.06* 0.03 0.00 -2.39
Age 45-55 -0.12** 0.03 -0.01 —4.30
Age 55-60 -0.22** 0.04 -0.02 -6.14
Perm Income 2 0.06* 0.03 0.01 2.26
Perm Income 3 0.04 0.03 0.00 1.43
Perm Income 4 -0.33** 0.04 -0.03 -8.95
Income shock * FinWlth 1 0.57** 0.04 0.04 13.64
Income shock * FinWlth 2 0.52** 0.03 0.04 19.27
Income shock * FinWlth 3 0.28** 0.03 0.02 10.31
Income shock * FinWlth 4 0.11** 0.03 0.01 3.93
Income shock * FinWlth 5 0.03 0.03 0.00 0.98
Demographic shock * FinWIlth 1 -0.01 0.07 0.00 -0.08
Demographic shock * FinWlth 2 0.12* 0.05 0.01 2.36
Demographic shock * FinWlth 3 -0.02 0.05 0.00 -0.38
Demographic shock * FinWlth 4 -0.02 0.07 0.00 -0.29
Demographic shock * FinWlth 5 -0.06 0.09 0.00 -0.68
Lump sum cons. need * FinWlth 1 0.19** 0.05 0.01 3.48
Lump sum cons. need * FinWlth 2 0.29** 0.03 0.02 9.49
Lump sum cons. need * FinWlth 3 0.18** 0.03 0.01 6.19
Lump sum cons. need * FinWlth 4 -0.04 0.03 0.00 -1.18
Lump sum cons. need * FinWlth 5 -0.09% 0.04 -0.01 -2.21
% College + in ZIP -0.51** 0.15 -0.04 -3.45
% HighScholl - in ZIP -0.51** 0.13 —0.04 -3.94
Median house value in ZIP 0.01** 0.00 0.00 6.56
Intercept -1.24** 0.11 -11.60
Rho 0.37 0.01

Sigma (e) 0.77 0.02

Number of observations 161,179

Number of groups 27,661

Note: cutoff points for permanent income and financial wealth groups are defined in Table 2.
Note: the above regressions are estimated with year effects that are not shown.

*indicates statistical significance at 5% level.
**at 1% level.

their pension savings when assets from
employer—sponsored retirement accounts
are made accessible to them upon job
separation.

We extend the existing body of litera-
ture on early household consumption of
retirement assets in two ways. First, we
attempt to link the likelihood of early
withdrawals to a series of shocks experi-
enced by households at the time of with-
drawal decision and to availability of al-
ternative asset sources. This allows us to
investigate the possible reasons underly-
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ing withdrawal decisions. Second, we use
a panel of tax returns data to summarize
the existing evidence for early withdraw-
als from IRA accounts, thus broadening
the previous focus on lump-sum ESP dis-
tributions.

Our main finding is that shocks matter,
and they matter much more for house-
holds that have few financial assets out-
side of their pensions. This result lends
support to the view that retirement sav-
ings can be breached in an attempt to
smooth consumption in adverse circum-
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stances. It is also consistent with the view
that the higher opportunity cost of
dissaving out of tax—deferred accounts
makes such accounts a financing source
of last resort. We also find that the same
factors appear to influence penalized
withdrawal decisions from both IRA and
ESP holding.

Itis worth noting that there exists a per-
sistent (and significant) difference in lev-
els of propensity to take penalized distri-
butions from the two account types. In
particular, there is a significantly higher
propensity to consume out of ESP distri-
butions than IRA holdings that cannot be
explained by the presence of external
shocks or lack of alternative resources.
This observation can be ascribed to sev-
eral potential factors—household desire
to avoid transaction costs of rolling over
ESP assets, higher savings tastes among
IRA owners than ESP owners, imprecise
sample definition, or the importance of
default choices for lump-sum ESP distri-
butions. Anumber of institutional changes
in the recent years, such as expansion of
penalty—free IRA withdrawal categories
and automatic rollover of lump-sum dis-
tributions in excess of $1,000 into an IRA,
facilitate formal testing of these hypoth-
eses and make it an exciting area for fu-
ture research.

Note: The analysis for this paper was
done while Paul Smith was an employee
of the Department of Treasury. The view-
points expressed here are those of the au-
thors and do not necessarily represent
those of the Federal Reserve Board or
Department of Treasury.
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